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ABSTRACT

This study aims to determine the affecting factors of repayment performance in Small Me-
dium Enterprises (SMEs) in Indonesia for individual loan program. The data in this study is
gathered by credit active during 2023 which contain of 300 samples from several region in
Indonesia that came from one of Non-Banking Financial Institutions (NBFls). The data is
analyzed by logit regression model by Stata software version 18. The study indicates that
the borrower’s income and amount of loan disbursements have significantly affected the
repayment of the borrower’s outstanding loan for both principal and interest in time. Fur-
thermore, the study shows that the higher amount of loan disbursement might affect the
lower probability of defaulting due to high assessment of credit appraisal. Since the loan
programs are delivered for individual for owner or management of Small Medium Enter-
prises (SMEs) in Indonesia. A prudent procedure is needed to establish for newer borrowers
of the individual loan programs. The screening process consists of income cash flow analysis
and how long the cash flow will be generated for repaying the programs. the novelty for
this result enhances the current research for SMEs financing program in Indonesia for indi-
vidual loan credit program. Specially credit loan program is delivered and sponsored by In-
donesia government. Not much research focused on individual loan programs for SME’s
owner or management.
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INTRODUCTION

Since the impact of Small Medium Enterprise’s business for Indonesia na-
tional development growth, in 2007 the Indonesia government already launched
KUR (“Kredit Usaha Rakyat™) that focus on supporting financial literacy for SME
in Indonesia exponentially their production (Kementerian Koordinator Bidang
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Perekonomian, 2007). The credit program consists of individual credit loan and
group credit loan programs. However, the programs cannot penetrate unbanked seg-
ment in Indonesia rapidly and regarding to the growth of unbanked SMEs in 2017,
the Indonesia government launched another credit loan program for SMES which
focus on 48% unbanked population in Indonesia (Bank Indonesia, 2023). This
credit program is called Ultra Micro (UMi) credit program which is distributed by
Non-Banking Financial Institutions (NBFIs) in Indonesia.

Even though, the contribution of SMEs is tremendously affecting the econ-
omy of the emerging countries. Unexpected external factors might disrupt the sus-
tainability of SMEs themselves such as Covid-19. During period of Covid-19 and
sightly after, the SME in many countries faced the weakening SMEs financial po-
sitions and exposing them to financial risk (Adam & Alarifi, 2021). Therefore, the
Indonesia government in 2020 launched subsidizes interest credit program for both
KUR and UMi up to 6% (Kementerian Koordinator Bidang Perekonomian, 2020)
to maintain the sustainability of several affected SMEs from Covid-19.

The sustainability of the SMEs is monitored and evaluated periodically in
every institution who disburses credit loan programs for both KUR and UMi then
reports it to the government. Sustainability is measured by the number of outstand-
ing loans for non-defaulters and defaulters. Furthermore, Indonesia Financial Ser-
vice Authority (FSA) already set the regulation for set the maximum ratio for de-
faulting loan in unsecure loan around 5% in term of Non-Performing Loans (NPLSs).
According to (Nawai & Shariff, 2012), the critical process of the sustainability of
SMEs in term of financial risk could be determined by ensuring the repayment per-
formance. This study will focus on determining the repayment performance for bad
and good credit in individual loan credit program. Previous research explain that
the industry specialization of loan officers facilitates monitoring synergies and low-
ers credit default rates for SMEs (Goedde-Menke & Ingermann, 2024).

However, the monitoring process of SME’s performance is one the hardest
and most challenges for NBFIs. This is related to SMEs who could not provide the
financial statement or another report. The credit analysis of the NBFIs mostly relay
on the soft information such as opinion from interview session with the borrower
(Goedde-Menke & Ingermann, 2024). This condition might lead to increased
asymmetric information. Asymmetric information most likely happen in emerging
country including Indonesia (Barboni, 2017). No wonder if the rate of required re-
turn in Indonesia relatively higher than developed countries in 2024 Indonesia have
8.20% and Singapore 5.10% in term of market risk premium (Fernandez et al.,
2024). Therefore, the right method and identified the determining factors for repay-
ment performance is critical to prevent the losing from bad credit loan which led
might to the disruption of NBFIs performance as well. However, reducing the
asymmetric information during credit disbursement might help to reduce the re-
quired return for NBFI’s capital structure holders.

Previous research was developed to determine the factors affecting repayment
performance. According to Nawai & Shariff (2012) explain that the gender, formal
religious education, distance to the lender office, business formality, total sales per
month, total loan received, loan monitoring and loan disbursement lag have the
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significantly the affecting the repayment performance. Another research explains
that gender especially female might the affect the credit loan status as non-default
(Bilau & St-Pierre, 2018). In the research of (Endris, 2022; Nawai & Shariff, 2012)
shows that the distance between the borrowers and the NBFIs might affect to the
repayment performance. However, only the research of (Endris, 2022) provides the
evidence of this variable significantly affecting the debt status in Ethiopia.

Therefore, this research will determine the repayment performance of the bor-
rower credit status as non-defaulter or defaulter by developing the model that com-
bination of the borrower’s characteristics such as gender, age, income per month,
amount of loan disbursements, and the distance between the borrower's business
location and the office of NBFIs. The previous research was not focus on individual
credit loan program and “unbanked” SMEs specially in Indonesia. However, this
research will reveal that condition using logit regression model. In order to explain
the research question and determining from previous research and framework, in
this research is used the following hypothesis:
H1: the older borrowers might have better repayment performance as non-defaulter
than younger borrowers.
H2: the female borrowers might have better repayment performance as non-de-
faulter than male borrowers.
H3: The higher income borrower might have better repayment performance as non-
defaulter.
H4: The higher amount of loan disbursement might have better repayment perfor-
mance as non-defaulter.
H5: The shortest distance of the borrower might have better repayment performance
as non-defaulter.

RESEARCH METHOD

In this study logit regression using dummy variables or biner variable to rep-
resent the non-defaulter and defaulter of UMi credit loan program. This research
will use one single model that consists of independent variables such as the bor-
rower’s gender, age, income per month, amount of loan disbursements, and the dis-
tance between the borrower’s business location and the creditor. The samples were
gathered 300 cross sections during credit active during 2023.

Table 1. Definitions of Repayment Performance Model Variables

Variables Description
Dependent variables: re- Whether or not the borrow- 1 if the borrowers are re-
payment performance of ers repay their credit loan paying in time and as non-

UMi individual credit loan program. defaulter, otherwise.

program

Independent variables:

Age The age of borrowers The age of borrowers in
years at loan application
submitted.

Gender Whether or not the borrow- 1 if the borrowers are male,

ers were female otherwise.

Income The amount of cash flow The amount in Rupiah per

generated in every month month
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Loan size The amount of loan dis- Total of disbursement the
bursement borrowers received in Ru-
piah
Distance The distance between the In kilometers

borrowers and the creditors
Source: (Bilau & St-Pierre, 2018; Kiros, 2023; Nawai & Shariff, 2012)

The model was developed from the characteristics of the borrower in individ-
ual credit loan program and literate from previous research which focused on multi
finance and unsecured loan program. Therefore, in this research use logit regression
model as follows:

logit (p)= B, +B, *age+P,*gen+PB,*incHP, *Is+B*dist o (equation 1)
Description

Logit (p) : the probability value of borrower’s status 1, 1 as non-defaulter, 0
as defaulter.

age : independent variable of the borrower’s age

gen : independent variable of the borrower’s gender

inc : independent variable of the borrower’s income

Is : independent variable of the borrower’s loan size

dist : independent variable of the borrower's distance

RESULT AND DISCUSSION

Using logit function in Stata software, the 300 samples was analyzed and the
result in Table 2. The long likelihood is -86.51 is not having the meaning. However,
it will be used for another analysis and calculation. LR chi2 or the value of chi-
square likelihood ratio (LR) indicates the robustness of the overall model. In this
research the value of LR chi2 is 229.12 which can be calculated from literation
value number 0 — the latest literation value is 2 multiply by ( -201.06 — -86.51)) and
the result is 229.12. Then compare the value with the chi square tables using 95%
of confidence level. However, the robustness of the model could be analysed from
the probability test of chi square which indicate 0.000 or less than 5%. It means that
the model has significantly could determine the repayment performance. Pseudo R2
in logistic regression using R2 MacFadden, this R2 is different from linear regres-
sion in general. However, it has the same function as R2 to explain the percentage
of how the independent variables could explain the dependent variables. In this re-
search, six independent variables could represent or predict around 56.9% repay-
ment performance. Pseudo R2 itself comes from manual calculations of the log
likelihood.

Table 2 The Logit Result of Individual Credit Loan Program

Logistic regression Number of obs  : 300
LR chi2 :229.12
Prob>chi2 : 0.00000
Log likelihood: -86.51 Pseudo R2 : 0.5698
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debt coefficient ~ standart error z P>|z| [95” conf.interval]
age -0.008 0.020 -0.400  0.693 -0.048 0.032
gender -0.053 0.426 -0.120  0.902 -0.888 0.783
income 3.798 3.798 9.550  0.000"" 3.018 4.578
loan_size -2.101 0.600 -3.500 0.000™ -3.277 -0.925
distance -0.010 0.046 -0.220  0.830 -0.100 0.080
_cons -23.325 7.864 -2970  0.003 -38.738 -38.738

Source: Research and Analysis (2024)
**xn<(.01, **p<0.05, *p<0.1

Since the p-value for each independent variable is less than 0.1 only for in-
come per month and the amount of loan disbursement. It indicated that these varia-
bles significantly affect repayment performance. Therefore, for hypothesis number
1,2 and 5 cannot be proven. Based on the result of above tables, the hypothesis
number 4 and 5 is significant for affecting the repayment performance. The higher
income leads to higher probability for the borrowers as the non-defaulter and the
higher amount of disbursement will increase the probability of non-defaulter. The
outcomes of the logit regression analysis for a sample size of three hundred are
presented in Table 2 or can be expressed mathematically as follows:
logit (p)=-23.32-0.01*age-0.05*gen+3.79*inc-2.10*1s-0.01*dist ..........ocn..... (equation 2)
Prior to doing the predictive analysis, the descriptive analysis is categorized into
two types of variables: categorical independent variables and numerical independ-
ent variables. The numerical independent factors, including the borrower's age, in-
come per month, amount of loan disbursements, and distance variables, are pre-
sented in Table 3. The data displays the sample sizes for defaulters and non-default-
ers, as well as the mean, standard deviation, minimum, maximum, kurtosis, and
skewness values. Based on the values of kurtosis and skewness, it can be concluded
that the samples deviated from a normal distribution. Nevertheless, the logit regres-
sion did not necessitate it. Furthermore, the categorical independent variables are
limited to gender variables exclusively. The analysis indicates that the chi-square
probability is not statistically significant, and the value of Cramér's V is just 0.098.
The statement indicates that there is a weak association between gender and repay-
ment performance.

Table 3 Descriptive Statistic Analysis

Repayment Descriptions Age Income Loan Size Distance
Performance
n (samples) 182 182 182 182
mean 45 10,600,000 6,549,963 5.49
SD 11 11,600,000 2,117,121 531
(0) Defaulter Min 24 500,000 1,749,400 1.00
Max 69 6,000,000 10,000,000 36.02
Kurtosis 2.05 8.28 2.01 10.54
Skewness 0.04 2.29 0.20 2.25
(1) Non-De- n (samples) 118 118 118 118
faulter mean 42 26,000,000 9,755,791 5.84
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SD 10 19,800,000 4,512,834 3.27
Min 17 1,400,000 3,000,000 1.00
Max 66 96,300,000 20,000,000 15.74
Kurtosis 2.78 4.78 2.46 3.55
Skewness -0.09 1.31 0.59 0.95
n (samples) 300 300 300 300
mean 44 16,700,000 7,810,922 5.63
SD 10 17,100,000 3,625,339 4.61
Total Min 17 500,000 1,749,400 1.00
Max 69 96,300,000 20,000,000 36.02
Kurtosis 2.33 6.75 4.61 11.31
Skewness 0.02 1.83 1.27 2.17

To ensure impartial outcomes, this study use the variance inflation factors
(VIF) to conduct a multicollinearity test. The test results indicate that the independ-
ent variables do not exhibit multicollinearity, as they have a value below the thresh-
old of 3, as stated by (Okpukpara et al., 2023).

Table 4 Variance Inflation Factors

Variable VIF 1VIF
loan_size 1.97 0.51
income 1.96 0.51
age 1.07 0.94
distance 1.03 0.97
gender 1.03 0.97
Mean VIF 1.41

Source: Research and Analysis (2024)

CONCLUSION

The study examined the factors that influence the repayment performance of
individual loans in Indonesia. The study demonstrates that repayment performance
is influenced by two elements. These criteria comprise the borrower's monthly in-
come and the amount of loan disbursements. The study found a direct relationship
between monthly income and debt status, indicating that as income increases, debt
status also tends to increase. The income coefficient is 3.79. The borrower's proba-
bility of success as a non-defaulter is influenced by the rise in income. Moreover,
the extent to which loans are distributed has had a substantial impact on the ability
to repay them.

This suggests that when the loan amount increases, the appraisal procedure
becomes more intricate, which in turn impacts the viability of the credit lending
program. Furthermore, the research findings indicate that it is necessary for each
Non-Banking Financial Institution (NBFI) to offer specific suggestions for unique
loan credit programs. We suggest implementing an additional policy aimed at aug-
menting the monthly revenue for every borrower. For example, offering an on-site
companion to provide guidance and support to the borrower, aiding them in their
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business operations and reporting. Nevertheless, this could impact the subsequent
expenses related to operations. Hence, we suggest that future research should focus
on investigating the consequences of digital apps and technologies on individual
loans for small and medium-sized enterprises (SMES) in Indonesia to reduce the
operational expenses as well.
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